Familiarity, but not visual complexity, affects letter encoding in visual working memory
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Perimetric complexity provides a quantitative estimate of the
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Model Model

The best fitting model in both experiments estimates encoding rate and
capacity in terms of items.
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Capacity and encoding rate of VWM

Capacity and encoding rate of VWM were not predicted by the perimetric
complexity. Model-fitting indicated the capacity was best measured by the
number of items and the encoding process is not limited by the number of
features.

Data are more consistent with the slots model than models that assume
more resources are used with increasing stimulus complexity.

Encoding rate and capacity of VWM were higher for familiar alphabets
than for unfamiliar alphabets.



